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Abstract

This paper examines the role of re-election concerns in provision of local public goods. Using
a household survey data from India, I first analyze how differences in wealth affect the type of
projects demanded by the households. I then construct a project-level dataset for local public
goods provided under the MPLAD scheme in order to compare allocation decisions of politicians.
The identification strategy takes advantage of an information shock that occurred as a result of
electoral redistricting in India. In 2007, it was announced that the reservation status of some of
the electoral constituencies would change in 2009. This change in reservation status completely
shut down the re-election concerns for some incumbents. I exploit this event to use difference-in-
differences to compare the changes in the public good choices of the incumbents who were affected
by this shock with those who were not. The results are consistent with the elite capture hypothesis:
in absence of electoral pressures, politicians are more likely to spend on projects that are desired
by the rich.
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1 Introduction
In democratic countries, elections are a mechanism through which politicians are disciplined by the
citizens. Theories of electoral opportunism predict that the policy choices made by politicians are
driven by the preferences of voters. In Downsian theories of electoral competition, the politician’s
choices reflect the preferences of the median voter. If there are powerful special interest groups, who
have policy preferences that are different from those of the median voter, they can tilt the policy in
their preferred direction (Grossman and Helpman (1996, 2001), Dixit and Londregan (1996), Bardhan
and Mookherjee (2000, 2005, 2006a)).

This paper studies how electoral competition affects the allocation of spending across different
types of local public goods. This question is examined in the context of India where the median voter
is poor. The hypothesis is that in competitive environments, the incumbents should spend more on
public goods that are desired by the poor. This is because providing public goods closer to the median
voter would have high returns in terms of votes, increasing the probability of the incumbent being
re-elected. On the other hand, when competition is low, the incumbent politicians have less re-election
concerns and hence would be more susceptible to capture by the elites.1

The empirical analysis in the paper is carried out in two steps. In the first step, the voters’ demands
are elicited using a household survey and, in the second step, how politicians allocate resources across
different types of local public goods is studied. The demand for public goods are examined using
the nationally representative REDS 2006 survey of 9500 rural households across 259 villages in India.
The patterns show that within a village, controlling for household characteristics, wealth is correlated
positively with demand for irrigation and negatively with demand for water projects. Conditional on
wealth, the marginalized sections of the society - scheduled class households - are also significantly less
likely to demand irrigation projects. These results suggest that irrigation is primarily demanded by
the rich households who are typically the elites, especially in rural areas.

The data on local public goods comes from the Members of Parliament Local Area Development
(MPLAD) projects. Under this scheme, each member of parliament (MP) gets a fixed sum of money
to spend on infrastructure projects within his constituency. The politician has full control over the
type of project, the cost and the location. This paper uses the MPLAD data for all 543 constituencies
for the period 2004-2009.

Isolating the elite capture mechanism in provision of local public goods is a hard problem because of
potential endogeneity concerns: [a] there is reverse causality between political competition and public
goods choices and [b] unobserved characteristics can drive the choices of politicians. This paper uses
a novel identification strategy that is also used in Nath (2015a). It provides an exogenous variation in
political competition and allows us to compare the choices of same politicians over time, hence also
solving the problem of unobserved characteristics. The empirical strategy is to use an information
shock that changed some incumbent’s perceived probability of winning in the next elections to zero
while not affecting other incumbents.

1Elite capture here is defined as provision of those public goods by the politicians that are demanded by the rich.
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The informational shock I take advantage of is the announcement of changes in reservation status
of some of the constituencies in India as a result of the delimitation exercise. When the electoral
boundaries were re-defined, the population shares of SC/STs changed as well, resulting in changes in
the reservation status accordingly. The announcement of the changes was made in December 2007.
The incumbents who were effected by this change knew that their probability of winning in 2009 was
zero. The politicians in the control group were not affected by the news and hence their perceived
probability of winning do not change. Hence, this event causes an exogenous change in the extent of
competitive pressure faced by the incumbents in the treated group and there is no change in compe-
tition for the control group. I compare the public goods choices of the same politicians in the two
groups before and after this shock. The differences-in-difference (DID) strategy gives us a causal effect
of change in political competition on the public good choices. The results show that the expenditure
shares on irrigation increases when politicians have weaker re-election concerns.

In order to isolate the mechanism, I compare the results of the DID strategy in strongholds with
constituencies that have high initial competition. The argument is that in low competition areas, the
perceived probability of winning before the announcement is close to one. The re-election concerns are
already weak. If the news shock hits, then the probability of winning goes to zero. Hence, the changes
in re-election concerns in low competition areas are very small. If re-election concerns are what are
driving politicians’ choices, we should not see any effect of the shock in low competition areas. On the
other hand, in high competition areas, the changes in perceived probability of winning will be large
due to the shock, hence we should see an effect there. The results confirm this hypothesis.

This paper makes several contributions. Firstly, it shows that electoral competition can negate the
effect of elite capture of local resources. There is a large empirical literature that shows that with
decentralized decision making, the local elites are able capture resources.2 How electoral mechanisms
affect elite capture, however, has largely been ignored in the literature, with the exception of Bardhan
and Mookherjee (2006). Their study, however, does not find any effect of political competition on
targeting of benefits, nor does it find any evidence of elite capture in private goods.

Secondly, this paper examines the portfolio choices of politicians. While there has been a large
literature that studies the effect of competition on level of spending, (Brown and Hunter (1999,2004);
Lake and Baum (2001) and Hecock (2006), Wilkinson (2006), Keefer and Khemani (2009)), the com-
position of spending has not been studied much. In most of the existing empirical studies, the budget
constraint faced by politicians is typically unobservable. This makes it problematic to study the effect
of political competition on portfolio of public good expenditures since amount raised to spend itself
may depend on the level of competition. Boulding and Brown (2012) explicitly show existence of this
problem using data from Brazilian municipalities. Keefer and Khemani (2009) use MPLAD projects
to examine aggregate spending patterns of politicians and point out the unique feature of this scheme:
each politician faces the same fixed budget. In this paper, I create a novel dataset using detailed project
level data for the MPLAD scheme by combining it to the Census and electoral data. The fixed budget

2See Mansuri and Rao (2013) for a comprehensive study of this literature.
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allows me study the allocation of expenditure across different public goods. The census data is used
to control for the existing infrastructure and proxies for the need for certain types of projects in the
community. The panel nature of data allows me examine changes in allocations across public goods
over time.

The third contribution of the paper is that it uses a novel identification strategy to obtain an exoge-
nous variation in political competition. Finding exogenous sources of variation in political competition
is hard (Wilkinson 2006), especially when the outcome variable is choice of public goods. One of the
techniques used in political cycle literature to get at reelection concerns is term limits (see Besley
and Case (1995), Smart and Sturm (2013)). Term limits provide us with situations where politicians
facing these limits do not have any re-election concerns. We can then compare the behavior of these
politicians with those that do not face any term limit. However, several democracies, including India,
do not have any term limits and hence this strategy cannot be used. I develop a similar strategy based
on information shock that also shuts down the reelection concerns for some incumbents and compare
actions of these politicians with those who are not affected. The difference in the strategy used in this
paper compared to the term limit literature is that it allows us to observe changes in choices of the
same politician within the same term. This strategy can be used in other contexts as well, especially
to instrument for political competition at lower levels of governance in India.

The rest of the paper is structured as follows: section 2 gives a brief background of the institutional
structures in India. Empirical strategy is outlined in section 4 and give details of the data used in
section 5. The main results are provided in section 6 and robustness checks in section 7. The final
section provides the concluding remarks and an outline of the future work.

2 Institutional Background
The analysis in this paper focuses on local public goods provision by politicians in India. The politi-
cians we are going to focus on are the Members of Parliament (MPs) that are representatives of their
constituents in the lower house of the parliament which is called the Lok Sabha. Note that these are
national level politicians. There are 543 constituencies and elections are held every five years where
candidates are selected through universal suffrage. India has a plurality system where the candidate
with the highest vote share wins (also called "first-past-the-post"). Moreover, there is a multiple party
system and candidates are allowed to contest independently as well.

When it comes to public goods provision, there are many sources of funds for the infrastructure
projects. The central government has its own budget that it allocates for public goods through various
schemes. For example, for the scheme of Sarva Shiksha Abhiyan or Universalization of Elementary
Education (UEE), the central government allocates a portion of its budget each year to all adminis-
trative districts. The district head along with bureaucrats in the district development authorities are
responsible for implementation of this scheme. The local politicians or the members of parliament
representing those districts do not choose the the nature of the projects nor do they have a role to play
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in deciding the inter-village allocation of budget, although they may influence the process. Similar to
central schemes, there are state government schemes that are decided by the council of ministers in the
state legislative assemblies. Again, the money comes to the district authorities and they implement
the schemes.

Since we are interested in how competition affects public goods choices, we want to look at varia-
tions across politicians and directly observe their actions. We want to look at projects that are decided
individually by politicians within their own constituencies. The local public goods projects under the
Scheme MPLAD (Member of Parliament Local Area Development Scheme) in India provide us with
such a situation. Under this scheme, each MP is given Rs. 20 million (0.5 million USD) per year to
spend anywhere within his constituency. The money can be only spent in asset building projects. This
means that politicians cannot hire employees, give grants and loans, or purchase inventory or stock
with this money. Moreover, the guidelines say that acquisition of land, building assets for individual
benefits and building religious structures is not permissible. In short, most of the permissible works
are construction-based and are for infrastructure development within the constituency. This feature
makes it easier for us to compare across different types of projects - roads, education and health.

This dataset has several advantage. Firstly, the choice of the politicians is directly observable for
the whole country. For the MPLAD projects, the politician gives a written recommendation of the
projects to the district administrative head. The bureaucrat then gives approval to the projects and
the project is implemented. The bureaucrats cannot change the nature of the recommendation and
as long as the the MPLAD guidelines are met and project is feasible, the approval is made. In the
literature, most studies evaluating public goods provision either [a] look at changes in stock of infras-
tructure from census over two snapshots (Bannerjee and Smanathan (2007), Blakeslee (2013)) or [b]
carry out village infrastructure surveys. In both cases, whether the public good was provided due to
the politicians decision or bureaucrat’s decision or a result of some central government scheme cannot
be distinguished. Use of MPLAD projects allows us to unambiguously assign the choice of the projects
to politicians.

Secondly, there is a fixed budget for each politician. Unlike in studies where the budget constraint
is unobservable, this feature allows us to go beyond the question of whether competition increases the
public good provision to the question of composition of public goods - which projects get a higher
proportion? Lastly, I have panel data on public good projects. This allows us to compare choices of
politicians over time and hence control for unobservable characteristics using fixed effects.

3 Empirical Identification Strategy
Our empirical strategy is to use an information shock that exogenously changed some incumbent’s
perceived probability of winning in the next elections to zero while not affecting other incumbents.
The politicians who were affected by the shock are the treated group while those who are not affected
by this shock are the control group. We can then compare the public goods choices of the treated and
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control groups before and after this shock. Since this event essentially causes an exogenous change in
the electoral competition, the differences-in-difference strategy will give us a causal effect of change in
political competition on the public good choices.

The informational shock we take advantage of is an outcome of the redistricting process that took
place in India from 2002-2007. The Government of India froze the changing of electoral boundaries
in 1976 and the freeze was supposed to be lifted after 2001 census was carried out. A delimitation
commission was set up in 2002 with the objective of redrawing the electoral boundaries such that the
population shares across constituencies is equalized. The total number of constituencies were to remain
unchanged. In addition to the equalization of population, the commission re-demarcated the SC/ST
constituencies. The SC/ST constituencies are ‘reserved’ in the sense that only candidates who belong
to the Scheduled Caste (SC) or Scheduled Tribe (ST) are allowed to contest. Those constituencies that
are not reserved, allows any citizen to contest as a candidate.

Article 330 of the Constitution of India says that the number of constituencies (or ‘seats’) reserved
in any state should be proportional to the number of total seats within a state. Which seat is reserved
depends on the relative population of SC/ST across constituencies. So, when the constituency borders
are being redrawn, the politicians cannot predict whether their own constituency will be reserved or not
because the reservation status depends on how boundaries of other constituencies were re-drawn. This
fact is important for the identification strategy. This is because politicians may attempt to influence
the re-districting process in order to benefit from it. If the influence in re-districting is a function of
political competition, then the concern is that this event may not be truly exogenous. But, since there
is no threshold rule but reservation is based on relative population shares, the announcement of the
reservation status acts as an exogenous information shock to the incumbents, even if the redistricting
may have been endogenous. 3

The report of the delimitation commission of 2002 came in December 2007. This information shock
is in the middle of the term 2004-2009. The Figure 1 depicts the timing of the announcement. It
shows that conditions for using difference-in-difference (DID) strategy are ripe. We now need to do the
following: [1] clearly define the treatment group and [2] show how this exogenous information shock
changed the perceived probability of winning for the treated group.

A constituency can be of three types: [1] reserved for only candidates who belong to SC category,
[2] reserved for ST category candidates and [3] GEN (General) category where any citizen can contest
(including SC/ST candidates). Under 1972 delimitation, certain constituencies were reserved for SC or
ST categories. The incumbents who took office in May 2004 were elected according to the reservation
scheme as under 1972 directives. In 2007, the incumbents got to know the reservation status of their
constituency in the next election of 2009. All those constituencies where there was no change in the
reservation status, are in the control group. The electoral districts where there were changes in the
reservation status can be classified into two types of treatment groups: [1] REStoGEN - where the con-

3A paper by Iyer and Reddy (2013) provides further support for our identification strategy. They study the redis-
tricting process in India and find that "the redistricting process does not appear to have been influenced by incumbent
politicians to a great extent."
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stituency was reserved under the 1972 delimitation but all types of candidates were allowed to contest
under the 2002 delimitation. [2] GENtoRES - in this case the constituencies were open to all before
and in 2007 it was announced that they will be reserved only for SC/ST candidates from 2009 elections.

For incumbents who don’t belong to the SC/ST category in the GENtoRES constituencies (which
is 87% of all candidates), the change in the reservation status means that they will not be allowed to
contest again. Hence, their probability of winning in 2009 is deterministically zero. For the incum-
bents in REStoGEN, the probability of winning is not conceptually zero because they are, in principle,
allowed to contest again. However, as we will show now, the perceived probability of winning for these
incumbents would have been very close to zero.

In table 1, consider the group "Gen to Gen." There are 342 constituencies where all candidates
could contest in 2004 as well as in 2009 elections. This group is a subset of the control group. Column
(2) shows that out of all contestants in these constituencies, only 16% were SC/ST candidates. This
means out of 4477 candidates in these constituencies, only 716 were from reserved category. All these
constituencies had at least one candidate who was from reserved category. Column (4) shows that out
of these 342 constituencies, only 6 constituency had a winner who came from the reserved category.
So, less than 2% of the constituencies open to all had a SC/ST leader.

What do these statistics tell us? Consider an incumbent in the REStoGEN treatment group. In
the middle of the term, he gets to know that the constituency he represents will be open to compe-
tition from other general category candidates. These are career politicians that have a fair amount
of idea about what the chances of an SC/ST candidates are in winning an election in GEN category
constituency. The above calculations tell us that in 2004, the only 2% of the reserved candidates are
successful in winning a seat - this is a fairly low number. Hence, the increase in competition from
general candidates is likely to take the perceived probability of winning for incumbents in REStoGEN
category is close to zero.

Moreover, there is another source of competition faced by these incumbents: intra-party compe-
tition. An incumbent of party A may be getting the party ticket to contest in the reserved category
constituencies because he may be the best SC/ST candidate. But when the constituency gets de-
reserved, this incumbent is up against the general category candidates to get the party ticket to
contest in the first place. There are two facts that confirm this: [1] None of the incumbents in the
REStoGEN treatment group got a ticket to contest again in 2009 and [2] ALL 2009 candidates in
REStoGEN group belonged to the GEN category - none of the candidates were from SC/ST category!

Hence once the information shock came in 2007, it is reasonable to assume that due to increase
in both intra-party competition and competition from other contestants, the SC/ST incumbents’ per-
ceived probability of winning in 2009 jumped very close to zero within the REStoGEN.

Now, the information shock described above shuts down the re-election concern. We still have
to dis-entangle the gaining influence with elites motive with [a] ideology [b] rent-seeking motive via
kickbacks from the project and [c] actual need for the infrastructure projects. Ideology of a politician
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can be thought of as his own underlying preferences over public goods. Since the politicians are free
to choose the party they want to join, they self-select into parties whose agenda is close to their own
personal preferences.

We therefore assume that the ideological preferences of the politicians are a function of the party
ideology and a random component that is distributed i.i.d. This is to say that within a party, there
is some heterogeneity in preferences but these differences do not depend on political competition in
any systematic way. This is a reasonable assumption because the ideology we are talking about here
are inherent preferences assigned by nature at birth and not some strategic choice made by politicians
to signal their ideology. Hence, we use party fixed effects to control for ideology of the politicians.
Moreover, since we are using difference-in-differences to look at how choices of the same politician
changed, the ideology of politician is differenced out.

Consider now the rent-seeking motive. There are two stages where incumbents can "skim off" money
from these projects. The first stage is the contracting stage. In this case, while choosing who to assign
construction contracts to, politicians may favor relatives or those that provide them kickbacks. The
second one in the implementation stage. In this case, the way to extract rents is through use of inferior
materials and charge for superior ones or to fudge accounts for wage payments when there aren’t any.

In the MPLAD scheme, all the projects that are chosen by the politician are asset building projects
and they are mainly construction projects. The MPs have to recommend which agency to give the
contract to for each type of project, hence the motive of getting kickbacks for exchange of contracts
should not effect the type of public goods chosen. The politician can give contracts for school construc-
tion as easily as for road construction.

Moreover, since all these projects are construction based, they all have high material-labor ration.
This means that margins for making money should not be systematically different. Hence, in both
contracting and implementation stage, institutional feature provides no reason to expect that any one
project will be chosen over the other for the purpose of rent-seeking.

We control for the actual need of the villages in the constituency by the distribution of available
infrastructure using Census 2001 data. For each village, we obtain data for whether the villages have a
primary, secondary and a high school, whether the approach road is paved, whether there is electricity
in each cluster of the village, the source of drinking water, the method used for irrigation, the nearest
health center and so on. This stock of existing infrastructure gives us an idea about what types of
public goods are not available in the village. This controls for actual "need" as opposed to demand of
the voters.

In summary, the identification strategy proposed by us rests on the information shock that incum-
bents of the 2004-2009 term got in 2007. We compare the public goods choices of the group that
were affected by the shock to those who were not affected. There are two types of treatment group
[1] REStoGEN - constituencies that were reserved for SC/ST candidates in 2004 but were not going
to be reserved in 2009 and [2] GENtoRES - constituencies that were not reserved in 2004 were but
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were announced to be reserved in the next election. For both these treatment groups, the perceived
probability of winning for the incumbents went to zero as a result of the information shock. Hence,
there was an exogenous change in political competition. We control for the ideology using party fixed
effects and the actual need using distribution of existing stock of infrastructure. The difference-in-
difference strategy, therefore, gives us a causal interpretation of the effect of change in competition
on choice of public goods. We estimate the DID model separately for each type of public good, thus
looking at variations across constituencies within a project type. This controls for potential differences
in rent-seeking margins across project types.

4 Data and Summary Statistics
As we discussed earlier, the project choices we look at are the local public goods chosen by politicians
in India under the MPLAD scheme. We look at the data from 1999-2009 covering two terms of Lok
Sabha: 1999-2004 and 2004-2009. During this period, each MP is given Rs. 20 million (0.5 million
USD) per year to spend anywhere within his constituency. This seems like a small amount but back-
of-the-envelope calculations show that this money is enough for a politician to build a 100m road in
each village in his constituency over a 5 year term 4.

Table 2 gives the summary statistics for MPLAD projects. Column (1) gives the total number of
projects for each project category. Road projects are the biggest in number, constituting 33.5% of
all projects, followed by community center projects at 19%. These numbers also reflect the average
expenditure shares of these projects as can be seen in column (4).

Drinking water and education both constitute around 11% of the total number of projects. The
expenditure shares of these two project types is, however, different. While education is 12%, water
constitutes 7.3% of the expenditure share. The reason why their share in number of projects are the
same but share of expenditure different is because the average cost per project is different across the
two categories. Column (2) shows that while drinking water projects cost around 95,000 Rupees, av-
erage cost for education infrastructure projects is Rupees 186,000.

Expenditure shares of Irrigation and Health are around 2% each. The number of projects for both
these categories is also very low: 5900 for the former and 4200 for the latter. One of the reason why
there are such few of irrigation and health projects could be because, on an average, they are much
more expensive than other projects. The average cost for all projects in the database is Rupees 162,007.
As can be seen from column (2) of table 2, the cost of health projects is twice the average while for
irrigation, it is one and a half times the mean.

4On an average, there are 1000 villages per electoral constituency. Based on interviews with engineers, a 100m road
can be built in about 100,000 rupees. This means that to build one 100m road in each village over a 5 year period,
the politician would need Rupees (1000∗100,000)

5 per year. This is equal to 20 million a year which is exactly what the
politicians get under the MPLAD scheme.
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Since we are primarily interested in knowing if in low competition areas, the politicians are more
likely to chose the projects the elites want, we first need to know the distribution of voter demand. We
use the Rural Economic and Demographic Survey (REDS 2006) household survey to understand what
types of public goods different group of voters want.

The REDS 2006 surveyed 9500 rural households across 259 villages in India.5 The household ques-
tionnaires provide information on assets, land holdings and incomes; household member characteristics
including educational attainment, school enrollment, and work participation. The 2006 round includes
detailed current and retrospective information of participation in governance, and questions that can
elicit household’s preferences for and perception of delivery of public goods.

The demand for public goods are elicited by analyzing the responses to the following question: "If
the government wishes to spend Rs. 100,000 (rupees hundred thousand) on local development and it is
undecided regarding the nature of allocation and expects that panchayat has to arrive at a formula to
allocate it then how would you advice the panchayat to allocate this amount on these issues (%)?6" The
respondents were given a list of 14 public goods and they had to allocate the amount across these issues.

The immediate question that is whether these responses constitute voter demand. Now, when the
households are splitting the pie across the 14 categories, their decision is driven by [a] their preferences
and [b] what they it costs to build these projects. For example, a household may really want the
government to provide drinking water but they may also care about roads. If road projects cost more
than water, they may assign a higher proportion to roads even if they prefer water over roads. Our
argument is that whether the households assign a higher proportion to project p due to underlying
preferences or due to their beliefs about project cost, the allocation they propose is their demand.
When we think of politicians who are running for office and who are deciding their policy platforms,
they listen to what voters are asking for, not why they are asking for it. For the purpose of this paper,
we are interested in understanding what the rich want and what types of public goods the poor put
a higher weight on. Hence, it suffices to look at their demanded allocations. We leave the detailed
analysis of voter demand formation for future work.

The summary statistics for the responses to this question are given in table 3. Column (2) shows
the average proportion allocated by households to each type of public goods while column (3) gives
the standard deviations. Column (4) shows the percent of households that assigned a non-zero weight
to the particular type of project. We can see from the table that 66% of the households assigned a
non-zero amount to water and the average proportion assigned across all household was 24% of the
funds. Roads, sanitation and health are other important categories where about half of the respondents
assigned positive proportions. The average proportion assigned to these projects are 15.17%, 13.45%
and 11.25% respectively.

Our ultimate aim is to classify the local public goods chosen by politicians under the MPLAD
5We thank Prof. Andrew Foster of Brown University for sharing this data with us.
6The surveyors were directed to make sure that the respondents are asked to divide the amount across the 14 issues

tabulated in the questionnaire in percentages.
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scheme according to voter preferences. For this reason, we focus on those projects that comprise of
almost all of the expenditure in the MPLAD database. These projects are: water, roads, sanitation,
health, irrigation, education, and social issues 7.

We use the 2001 Census of India to obtain village characteristics. The demographic variables in-
clude: population, density of population, SC and ST population shares. The census village directories
also provide us with details of village infrastructure. These include: schools, drinking water facility,
power supply, irrigation methods, health facilities and whether approach roads are paved or not. We
use these characteristics to control for the need within the constituency since one can imagine the choice
of public goods projects may reflect the needs of the constituents. We also control for the distribution
of occupation characteristics: total workers, marginal workers, classifications according to agricultural
laborer, cultivator and businesses etc. We aggregate all these characteristics up-to the constituency
level unless otherwise mentioned.

The election data is obtained from the Election Commission of India. The data is for three Lok
Sabha terms: 1999-2004, 2004-2009 and 2009-2013 for all 543 constituencies. The election results give
us information about whether the constituency is reserved, the details of candidates that contested as
well as the vote shares of each candidate. Characteristics of contestants include the caste status, their
age and gender. We use both the candidate and constituency characteristics in 2004 and 2009 elections
to define out treatment and control group.

As discussed earlier, the boundaries of the electoral constituencies changed from 2009 elections. In
order to match the constituencies before and after delimitation, we use ArcGIS to carry out geospatial
mapping. We overlap the boundaries of 2004 constituencies with the 2009 boundaries and calculate
the extent of overlap using shapefiles. The overlapping exercise does not give us a one-to-one match
since small portions of the original constituencies get chopped off and added to other constituencies.
However, in most cases the majority of the "old" constituency belongs to a single "new" one. In 70%
of the cases, the name of the constituencies remained the same. For the rest of the constituencies, the
way we do one-to-one mapping is in two steps: [Step 1] Find the the largest overlap [Step 2] Manually
check whether the largest overlap corresponds to the old constituency.

5 Empirical Results

5.1 Results from the HH Survey

In order to test our hypothesis, we first need to understand what the voters demand. Specifically,
we want to know what the rich want and what the poor care about. In this sub-section, we present
the results of the REDS 2006 household survey that sheds light on this issue. We use two separate
measures of wealth in our analysis: [1] value of consumer durable assets owned by the households and

7One of the projects that appear frequently in the MPLAD database is community centers. These centers typically
consist of one or two big halls where people of the village/community can gather for meetings, festival celebrations,
weddings etc. We proxy the preferences for community centre by household’s preferences for social issues
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[2] value of land. These do not include the value of the house.

Consider the following model where i denotes the household and v denotes a village:

yivp = α+
∑

j

βj ∗Assetiv,j +
∑

k

γkXk,iv + δv + εiv ...(1)

Where j refers to the jth quartile of the wealth distribution. In all our specifications, we will take
the base category to be the bottom 25th quartile. The coefficient βj will then give us an idea of change
the probability of assigning any weight on project p when the household belongs to quartile j compared
to the average household in bottom quartile. Xk refers to the kth HH characteristics and δv captures
the village fixed effects.

Table 4 gives the result for the above specification. Each column corresponds to a public good p
and gives results for the effect of the wealth distribution on the proportion assigned by the household
on each public good p. We divide the wealth distribution as quartiles and break up the top quartile
into 75th-90th percentile and top 10th percentile. All specifications include village fixed effects and
control for household characteristics.

The constant term gives us the average proportion assigned by the bottom quartile of wealth dis-
tribution (the really poor households). As we can see, water has the highest proportion assigned at
around 50%. Road and health are the other two big categories for the poor with average proportions
at 16% and 10% respectively. Irrigation is at 6.3% while sanitation, education and social issues have
very small relative proportions.

If we compare the higher quartiles to the bottom quartile, we find that proportions assigned to irri-
gation increases monotonically with wealth. The average probability at top 10 percentiles is about 10%
compared to 6.3% at the bottom quartile. On the other hand, the proportion for water falls as wealth
increases. Even though at the top 10 percentiles, the average effect is about 4% less than the base
category, the proportion assigned to water is still huge at around 45%. There is some heterogeneity
for road projects but it is not monotonic in wealth. The other projects do not have any heterogeneous
effect of wealth on proportions assigned.

To alleviate concerns that the above results are not due to the choice of functional form or discrete
nature of the wealth measure, we estimate a variant of model (1) where we replace wealth dummies
with a continuous measure. We include a quadratic term as we expect the effect of wealth to diminish
as wealth increases. Table 5 gives the results of the specification. Column (2) shows that the coeffi-
cients of the the wealth measures are both significant - increase in wealth by 100,000 Rupees increases
the allocation made to irrigation by 1.5% on an average. This effect diminishes as wealth increases.
There is no significant effect of wealth on any of the other public good types.

We now measure wealth in an alternative way: value of land owned. We estimate model (1) with
land distribution instead of value of assets. Table 6 gives results of this specification. As we see in
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column (2), the allocation assigned to irrigation is monotonically increasing in value of land and the
coefficients are significantly different from the bottom wealth quartile. There is not a lot of heterogene-
ity in the effect of value of land on allocations on other public goods except health. The proportion
allocated on health decreases as wealth increases.

These results suggest that we can consider irrigation as an elite good. To make the case for this
stronger, let us now focus on one socio-economic group of households that are often marginalized: the
Scheduled Castes (SC) and Scheduled tribes (ST)8. We expand the model specification in equation
(1) to include SC and ST dummies. Table 7 gives the results of this specification. Column (2) shows
that, controlling for wealth, the SC households are significantly less likely to allocate to irrigation by
a magnitude of 1.6%. They are also less likely to allocate to roads. ST households also allocate less to
irrigation but the estimates for this group is imprecise. Hence, the marginalized groups put less weight
on irrigation.

The main takeaway from the results of the household survey is that irrigation is a public good that
elites put a large weight on. This result is robust for different measures of wealth. In fact, controlling
for wealth, if we look at the choices of the socio-economically backward groups of SC and ST, we
find that they assign a significantly less proportion on irrigation, hence supporting the hypothesis that
irrigation is an elite public good.

5.2 Results of the Difference-in-difference Strategy

We now turn to our main analysis. Our outcome variables of interest are the expenditure shares allo-
cated by politicians to different types of projects from their fixed MPLAD budgets. We want to see
how the information shock that takes the probability of winning to zero in the treatment group affects
these expenditure shares.

Let ypcts denote the expenditure share of project p in constituency c of state s at time t. We
estimate the following model:

ypcts = αpcts + β1 ∗ Post2007cts + β2 ∗ Treatmentcts

+ β3 ∗ Post2007 ∗ Treatcts +
k∑
1
γk ∗Xcts,k + εcts ...(2)

where Post2007cts is a variable that takes value 1 for the years 2008 and 2009 and zero for 2004-
2007. The dummy for our treatment group is Treatmentcts. Recall that our treatment is defined as
those constituencies where there was a change in reservation status following the delimitation of elec-
toral boundaries. β3 is our difference-in-difference coefficient. It compares the change in expenditure
allocations before and after information shock for the control group with the change in expenditures
for the treatment group.

8See Pande (2003) for a discussion on SC/STs being disadvantaged minorities.
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Based on the nature of the identification strategy as well as the HH survey results, our hypothesis is
that for irrigation projects; β3 > 0. Since budget is fixed, increase in expenditure on irrigation means
decrease in expenditure on some other project. However, we do not get a clear prediction about where
the fall should be: roads, drinking water or health projects?9 Since we do not have a clear prior on how
the information shock should affect other projects, we will focus our attention on irrigation although
we present the results for other projects as well.

Table 8 gives results of estimation of model (2) where the treated group is REStoGEN, i.e., the
constituencies that were reserved in 2004 Lok Sabha elections but were announced that will be open to
all contestants in 2009 elections. Column (2) shows that the coefficient of the difference-in-difference
term is positive and significant. The magnitude is 0.56 meaning that the shock increased the expen-
diture share of irrigation projects by 0.56 percentage points. This seems like a small magnitude but
if we compare it to the mean of dependent variable, the increase is 25% of the unconditional mean.
There is no significant effect of the shock on any other public good.

Tables 9 and 10 look at results where the treatment groups are GENtoRES and ‘BOTH’ respectively.
Recall that GENtoRES constituencies are one where there was no restriction on castes of candidates
contesting elections but in 2007 it was announced that these electoral districts were going to be served
for either SC or ST groups. ‘BOTH’ refers to both the treatment groups - GENtoRES and RESto-
GEN. Combining the treatment groups gives us more power. Results of both 9 and 10 are similar to
table 8: the shock had a positive and significant effect on irrigation and no effect on other public goods.

The above tables look at the change in the level of the expenditure share. In order to evaluate how
the expenditure shares for these projects change with respect to the initial shares, we now look at the
semi-log specification of model (2). In this case, β3 gives us the percentage change in the expenditure
share as a result of the reservation shock. Table 13 shows the result of this specification. As we can
see from column (2), the percentage change in expenditure share of irrigation is very large at 34%.

The interpretation of the results are the following: controlling for infrastructural need, ideology
and rent-seeking margins, if we shut down the re-election motives for the politicians, then we find that
they increase expenditure shares on the projects that are demanded by the elites. Hence, this gives
us evidence in favor of existence of elite capture of local public goods when political competition is low.

5.3 Isolating the Mechanism

The proposed mechanism behind why the reservation shock affected allocation to expenditure is that
the information changed the perceived probability of the incumbents in the treatment groups to zero.
This means that the re-election concerns were suddenly shut down. We argue that this is what is

9Recall that when we use value of assets as the wealth, we find a monotonically decreasing effect of wealth on water
allocations, but the slope of the coefficient was flat. When we measure wealth as value of land, there was no effect on
water but allocation on health had a significant negative relationship with wealth. The results on irrigation, on the other
hand, were robust to many specifications and alternative measures of wealth.
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driving the change in the behavior of the politicians before and after the shock. To shed some light on
the fact that it is indeed the shutting down of opportunistic motive that is driving the result, we now
focus on two-sub samples: [1] Strongholds - where the incumbents had won by large victory margins
in the previous election (top 25th quartile of victory margin distribution) and [2] High Competition
constituencies - where the margin of victory was very close (≤ 4%) in the previous elections (bottom
25th quartile of victory margin distribution).

Consider stronghold constituencies first. In these electoral districts, the incumbents came into
power in 2004 with a large victory margin such that the probability of winning is very high. This
implies the re-election concerns are weak to begin with. If the information shock hits, then their re-
election concerns go to zero. But the change in re-election concerns for these politicians is very small.
If our hypothesis is correct, then we should not see any change the behavior of the politicians. More
specifically, this suggests that we should not find any effect on irrigation expenditures for treated group
compared to control when we look at constituencies that are strongholds.

Point B in figure 2 depicts the case of a stronghold politician. When the shock occurs in 2007
and the politician finds out he cannot contest in the next term, then the probability of winning jumps
to zero. Now, when the politician was at point B, he knew that he was going to win with a high
probability. Hence, the re-election concerns would be weak. So when the news comes and he jumps
to point C, there is no substantial change in re-election concerns and hence no change in irrigation
expenditures. Table 11 gives the result for this sub-sample. We see that there is indeed no effect of
the information shock on the allocations to irrigation projects.

Let’s now turn to the high competition constituencies. In a two candidate case, a very small victory
margin would mean that the probability of winning for the incumbent is close to half 10. Point A in
figure 2 would reflect such a situation. For the incumbent sitting at A, the re-election concerns are
really high. So if the information shock takes the probability of winning to zero, then the changes
in re-election concerns are huge. So, if re-election concerns are driving everything, we should see an
effect on expenditure shares on irrigation in this case. The hypothesis is that the expenditure on
irrigation should increase. Table 12 gives the result of the sub-sample of constituencies that were high
competition in the beginning of the term. We can see in column (2) that the difference-in-difference
coefficient for irrigation projects is positive and statistically significant,

From the above results we can conclude that it is indeed the shutting down of the re-election con-
cerns that is driving the results. This shows that electoral pressures play an important role in public
goods provision. It makes politicians accountable to the voters. In absence of these electoral pressures,
politicians are more likely to spend on projects that are desired by the rich.

10The corresponding case for three candidates could be anywhere between 1/3rd and 1/2
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6 Robustness Checks

6.1 A Placebo Test

We now present the results of a placebo test in order to address the concerns that the timing of the
information shock with respect to the election cycle may be driving the result. Our design of the
placebo test is outlined in figure 3. Our analysis of the difference-in-difference strategy has focused on
the election term 2004- 2009. Since we have data beginning 1999, we can use the 1999-2004 data to
create a ‘fake’ shock at the same time in the election cycle as the real shock of 2007. The corresponding
‘fake’ shock would occur in December 2002 of that term. We keep the treatment and the control groups
the same and estimate a diff-in-diff specification on 1999-2004 data.

The results of this exercise are given in table 14. As we can see, there is no effect of the ‘fake’ shock
on allocation to irrigation projects or on any other public goods. Hence, it cannot be the timing of the
shock with respect to the election cycle that generates the results.

6.2 Timing of Announcement

One of the concerns with the proposed diff-in-diff strategy could be that the politicians may have
known whether their constituency is going to be reserved before the actual report came out. One
immediate question that comes to mind is: if the delimitation commission was set up in 2002, could
the politicians know in 2005 what the fate of their constituency is going to be? The answer is no.
According to the Presidential Notification No. 282/DEL/2007 11, the re-districting process started
only in June 2004 which is after the 2004 elections. Moreover, as is clear from the release, by August
2007, the process had been completed only in 25 states out of the 35 states and Union Territories in
India. The process in the other states got completed only towards end of 2007. So, it is conceivable
that the politicians in some states may have predicted the status of change in reservation mid-2007
but certainly not in 2006.

Since we know for sure that the politicians did not know the changes made to the boundaries in
2005 and 2006, predicting whether there will be change in the reservation status would be very hard in
these years since the prediction depends on redistricting of other constituencies as well. After 2007, it
is certain that they knew the change in the reservation status. Hence, the change in behavior between
2004-06 and 2008-09 can be attributed to the information shock, without worrying about the exact
month of the shock. This suggests that we can re-estimate model (2) by removing projects chosen in
the calendar year 2007 to get cleaner results.

Table 15 shows the result of the specification without the projects recommended in year 2007.
The magnitude of the effect remains the same as before: the expenditure on irrigation increases by
0.6% as a result of the delimitation. Hence, our results in the paper do not suffer from potential
mis-measurement of the timing of the shock.

11http://eci.nic.in/delim/Press/PN_17082007.pdf

16

http://eci.nic.in/delim/Press/PN_17082007.pdf


6.3 IV Strategy

Till now, we have used the news shock regarding the changes in reservation status in a differences-in-
difference framework. This event can also be used to analyze how exogenous change in competition
affects the change in public goods provision using an instrument variables approach.

Consider the following model. Let ypcts denote the expenditure share of project p in constituency
c of state s at time t. Then we have:

ypcts = αpcts + β ∗ E[Prob_winningpcs] +
k∑
1
γk ∗Xcts,k + εcts ...(3)

where, E[Prob_winningpcs] denotes the perceived or expected probability of winning by an incum-
bent politician and X is a vector of other covariates.

The expected probability of winning is not observable. If we assume rational expectations, then we
can use actual results of the next election to measure expected probability of winning. The measure
would be a dummy that takes value 1 if the incumbent politician wins the next election and zero if he
loses. Using the results of the next election poses the obvious problem of reverse causality since the
choices of public goods are likely to affect election outcomes in the future. Hence, we would need an
instrument for probability of winning in the next elections. This instrument should be correlated with
probability of winning and should not directly affect the public good choices, only through probability
of winning.

As we saw earlier, in the 2004-2009 term, some of the politicians were affected by the 2007 announce-
ment of the change in reservation status. In the treated constituencies, the perceived probability of
winning changed post 2007. In control group, there was no change in probability of winning. This
suggests that we can use whether or not the constituency was hit by a shock as an instrument for
change in perceived probability of winning. We can then use this instrument to study the effect of
competition on public good choices.

Let us analyze the First Stage of the instrument variables approach. The following specification
depicts the model that looks at the correlation between the instrument and the probability of winning:

Prob_winningpcs = X
′

ctsΠ10 + Π11 ∗ Treatedcts + ξ1,cts ...(4)

For ‘Treated’ to be a relevant and a valid instrument we need to check that [a] Π11 should be
significantly different from zero and according to the rule of thumb, the F-statistic for the instrument
should be greater than 10 and [b] Exclusion restrictions should be satisfied.
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Table 16 gives the estimates of model (4). The difference between the three columns are the controls
in the specification. Specification (3) shows the results where the instrument as well all the exogenous
variables are included as regressors. The coefficient Π11 shows that if a constituency is treated, then on
an average, the probability that the incumbent wins in the next election falls by 32%. This magnitude
is very large and is statistically significant at 1%. The F-statistic on for instrument is 63.61, indicating
that the instrument is relevant, hence satisfying condition [a] as mentioned above.

Now, our instrument is capturing an announcement shock for a politician who is already in office.
The exclusion restriction is satisfied since the only way information shock affects public goods provision
is through the changes in incentive of politician due to fall in expected probability of winning. More-
over, the shock is not correlated to any of the constituency characteristics at the beginning of the term.
This is because the reservation status changed due to changes in boundaries of the constituencies, not
due to any demographic shares within the boundary. Hence, our instrument is valid.

We now present the results of the following 2SLS model:

̂Prob_winningpcs = X
′

ctsΠ̂10 + Π̂11 ∗ Treatedcts ...(4
′
)

∆ypcs = X
′

csΠ20 + Π21 ∗ ̂Prob_winningpcs + ξ2,cs ...(5)

where, ∆ypcs gives the change in expenditure for project p between before and after the 2007 shock.

Table 17 gives results of (5). As we can see from column (2), 1% change in probability of winning
increases the expenditure share significantly by 5 percentage points. This effect is substantially larger
than what we saw in the differences-in-difference estimates. Moreover, the 2SLS results show that
there is a significant fall in the expenditure on water as probability of winning rises. So, not only are
they spending more on something rich put a higher weight on, but they are simultaneously spending
less on the most demanded public good and the top preference of the median voter. This result makes
our evidence in favor of the elite capture hypothesis even stronger.

7 Concluding Remarks and Future Work
In this paper, we addressed the following question: How does political competition affect allocation
of spending across different types of public goods? Our main hypothesis is that lack of competition
leads to elite capture. In order to examine this issue, we construct a novel database and propose a
new identification strategy based on information shock announcing changes in reservation status. We
provide evidence in favor of our hypothesis and show that the main channel through which this happens
is through weakened re-election concerns.
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Using REDS 2006 HH survey, we first show that irrigation is an ‘elite’ public good. Using the
project data, we then go on to show that an exogenous decease in probability of winning towards zero
led to an increase expenditure share of irrigation projects. We further show that this effect is coming
from the constituencies that had a high competition in the beginning of the term since these are the
constituencies where the re-election concerns fall the most. We check for robustness of the results by
using an IV strategy. We instrument probability of winning by a dummy variable that takes value one
if the constituencies were affected by the news shock. The IV results are stronger: when re-election
concerns fall, we find evidence that there is not only higher expenditure shares on irrigation but also
significantly lower expenditures on drinking water. These results provide evidence in favor of our hy-
pothesis that lack of competition leads to elite capture of public goods.

One of the concerns with our results is that even though it is robust and significant statistically,
the magnitude of the effects in DID strategy are small. The magnitudes are small in absolute terms
but relative to the average expenditure, they are huge. However, to make the results more mean-
ingful, we are in the process of developing a model that will give us a mapping from the observable
expenditure shares on different projects to the unobservable welfare weights on different demographic
groups. The argument is that even if the absolute magnitudes of increase in expenditure share of irriga-
tion is small, it may map into large effects on the welfare weight assigned to the elites by the politicians.

In conclusion, the results of our paper show that electoral pressures play an important role in public
goods provision. It makes politicians accountable to the voters. In absence of these electoral pressures,
politicians are more likely to spend on projects that are desired by the rich. This is an important
message and it contributes to the recent debates in the literature which questions the importance of
elite capture in redistribution and public goods provision. There has recently been a huge push towards
decentralization of policy making and one of the concerns of this has been whether the elites capture
the benefits. Our study suggests that as long as politicians are held accountable to the people and
voters hold a tight leash around the necks of the representatives, the political clout of the elites will
be in check. Decentralized decision-making without corresponding strong accountability mechanisms
may create room for elite capture.
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Appendix

Figure 1: Timing of Announcement

Table 1: Proportion of SC/ST Candidates and Winners
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Table 2: Summary Statistics - MPLAD Projects

No. of Projects Cost of Projects Avg Share of Expenditure
Mean Std Dev

(1) (2) (3) (4)
Roads 130717 1.84 2.90 34.73
Community Center 74797 1.51 2.39 20.02
Education 42168 1.86 3.59 12.09
Water 41598 0.95 2.23 7.27
Irrigation 5857 2.52 3.60 2.14
Health 4192 3.25 4.01 1.88
Note: [1] These do not constitute an exhaustive list of projects chosen by politicians, but they are 77% of total expenditure under MPLAD

Note: [2] Other projects are: animal shelters, cremation grounds, electrification, emergency equipment, non-conventional energy, parks,

public transport, sanitation, shelters and work-sheds, and sports infrastructure.

Note: [3] Cost of Project is measured in Rupees 100,000
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Table 3: Average Proportion Allocated by Households to Each Public Good

(1) (2) (3) (4)
Obs Mean Std Dev % HHs allocating

Non-zero Amount
Water 8660 23.93 22.40 66.00
Roads 8660 15.17 17.81 55.20
Sanitation 8660 13.45 19.18 44.16
Health 8660 11.25 16.04 44.68
Irrigation 8660 8.01 18.19 21.77
Streetlights 8660 6.69 11.74 32.53
Education 8660 6.32 11.94 28.71
Electrification 8660 4.99 10.78 24.49
Employment 8660 2.29 8.58 09.33
Credit Input Subsidies 8660 1.89 8.32 07.97
Access to Govt Schemes 8660 1.82 8.20 07.32
Natural Resource Management 8660 0.87 4.91 04.57
Communication 8660 0.86 4.03 05.88
Social Issues 8660 0.58 3.30 04.23
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Table 4: Effect of Asset Distribution on Proportions Assigned

(1) (2) (3) (4) (5) (6) (7)
road irrig water sanit health educ social

Between 25-50th Quartile 1.51∗∗ 0.78 -2.33∗∗∗ 0.32 0.77 -0.44 0.25∗

(0.74) (0.74) (0.86) (0.63) (0.61) (0.46) (0.13)
Between 50-75th Quartile 1.04 2.10∗∗ -2.85∗∗∗ 0.76 0.88 0.09 0.41∗∗

(0.81) (0.87) (0.90) (0.72) (0.82) (0.59) (0.18)
Between 75-90th Percentile 2.04∗ 2.82∗∗∗ -2.39∗∗ 0.82 -0.37 0.18 0.18

(1.11) (0.99) (1.12) (0.94) (0.96) (0.58) (0.18)
Top 10th Percentile 1.91 3.80∗∗∗ -3.92∗∗∗ -0.06 -0.97 0.72 0.36∗

(1.30) (1.31) (1.44) (1.17) (1.29) (0.88) (0.19)
Constant 15.73∗∗∗ 6.31∗∗∗ 49.35∗∗∗ 2.65 9.87∗∗∗ 3.71∗∗∗ 0.48

(1.25) (1.67) (1.63) (1.64) (1.37) (0.85) (0.30)
Observations 6412 6412 6412 6412 6412 6412 6412
Adjusted R2 0.155 0.401 0.359 0.312 0.143 0.143 0.128
Mean Dependent Variable 15.21 7.95 24.20 13.50 10.82 6.78 0.54
Village Fixed Effects YES YES YES YES YES YES YES
Household Characteristics YES YES YES YES YES YES YES

* p<0.10,** p<0.05,*** p<0.01. Robust standard errors in parenthesis, clustered at the village level.

Notes: [1] Each column is estimated using a linear probability model.

[2] The dependant variable is the proportion assigned by household i to project p.

[3] The base for the asset distribution is the bottom 25th quartile.

Table 5: Effect of Value of Assets on Proportions Assigned

(1) (2) (3) (4) (5) (6) (7)
road irrig water sanit health educ social

Value of Assets 0.02 1.57∗∗ -0.93 -0.28 -0.18 0.70 0.03
(0.82) (0.77) (0.79) (0.88) (0.90) (0.60) (0.07)

Total Value of Durable Assets Squared 0.01 -0.12∗ 0.11∗∗ -0.02 0.01 -0.02 -0.00
(0.06) (0.06) (0.05) (0.05) (0.05) (0.04) (0.00)

Constant 16.17∗∗∗ 6.27∗∗∗ 48.73∗∗∗ 2.73∗ 10.39∗∗∗ 3.46∗∗∗ 0.56∗

(1.26) (1.59) (1.61) (1.62) (1.30) (0.84) (0.31)
Observations 6407 6407 6407 6407 6407 6407 6407
Adjusted R2 0.155 0.400 0.358 0.312 0.142 0.142 0.127
Mean Dependent Variable 15.22 7.95 24.21 13.50 10.82 6.78 0.54
Village Fixed Effects YES YES YES YES YES YES YES
Household Characteristics YES YES YES YES YES YES YES

* p<0.10,** p<0.05,*** p<0.01. Robust standard errors in parenthesis, clustered at the village level.

Notes: [1] Each column is estimated using a linear probability model.

[2] The dependant variable is the proportion assigned by household i to project p.

[3] The household characteristics include: occupational dummies; household composition; number of school going children;

age, gender, marital status and number of years of schooling of head of household.
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Table 6: Effect of Land Distribution on Proportions Assigned

(1) (2) (3) (4) (5) (6) (7)
road irrig water sanit health educ social

Between 25-50 Quartile 0.74 1.51∗ -0.64 -0.36 -1.31∗ 0.16 0.06
(0.80) (0.77) (0.96) (0.77) (0.72) (0.54) (0.14)

Between 50-75 Quartile 0.23 3.58∗∗∗ -0.96 1.15 -2.26∗∗∗ -0.12 -0.02
(0.71) (0.91) (0.97) (0.77) (0.68) (0.51) (0.13)

Top 25th Quartile 0.46 3.80∗∗∗ -0.64 -0.37 -1.47∗ 0.48 0.03
(0.87) (0.92) (0.99) (0.78) (0.88) (0.62) (0.18)

Constant 16.03∗∗∗ 5.92∗∗∗ 48.85∗∗∗ 2.94∗ 10.60∗∗∗ 3.35∗∗∗ 0.55∗

(1.28) (1.64) (1.60) (1.61) (1.28) (0.83) (0.32)
Observations 6412 6412 6412 6412 6412 6412 6412
Adjusted R2 0.154 0.403 0.358 0.312 0.143 0.142 0.127
Mean Dependent Variable 15.21 7.95 24.20 13.50 10.82 6.78 0.54
Village Fixed Effects YES YES YES YES YES YES YES
Household Characteristics YES YES YES YES YES YES YES

* p<0.10,** p<0.05,*** p<0.01. Robust standard errors in parenthesis, clustered at the village level.

Notes: [1] Each column is estimated using a linear probability model.

[2] The dependant variable is the proportion assigned by household i to project p.

[3] The base for the land distribution is the bottom 25th quartile.

[4] The household characteristics include: occupational dummies; household composition; number of school going children;

age, gender, marital status and number of years of schooling of head of household.
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Table 7: Effect of SC/ST status on Proportions Assigned

(1) (2) (3) (4) (5) (6) (7)
road irrig water sanit health educ social

SC -1.29∗∗ -1.61∗ 1.00 0.71 0.43 -0.06 -0.00
(0.60) (0.87) (0.81) (0.56) (0.67) (0.40) (0.09)

ST -0.30 -1.61 -0.94 -0.91 1.16 0.55 -0.11
(1.33) (1.14) (1.18) (0.72) (1.11) (0.78) (0.09)

Between 25-50th Quartile 1.46∗ 0.69 -2.32∗∗∗ 0.32 0.82 -0.43 0.25∗

(0.74) (0.74) (0.86) (0.64) (0.61) (0.46) (0.13)
Between 50-75th Quartile 0.92 1.90∗∗ -2.80∗∗∗ 0.79 0.97 0.10 0.40∗∗

(0.80) (0.86) (0.91) (0.74) (0.82) (0.59) (0.18)
Between 75-90th Percentile 1.84 2.52∗∗ -2.28∗∗ 0.89 -0.26 0.19 0.17

(1.11) (1.03) (1.14) (0.97) (0.97) (0.59) (0.18)
Top 10th Percentile 1.64 3.43∗∗ -3.75∗∗ 0.06 -0.85 0.72 0.35∗

(1.32) (1.35) (1.45) (1.20) (1.31) (0.87) (0.19)
Constant 15.89∗∗∗ 7.29∗∗∗ 49.97∗∗∗ 3.24∗ 9.15∗∗∗ 3.36∗∗∗ 0.55∗

(1.51) (1.94) (1.83) (1.83) (1.59) (0.98) (0.31)
Observations 6412 6412 6412 6412 6412 6412 6412
Adjusted R2 0.155 0.402 0.360 0.312 0.143 0.142 0.128
Mean Dependent Variable 15.21 7.95 24.20 13.50 10.82 6.78 0.54
Village Fixed Effects YES YES YES YES YES YES YES
Household Characteristics YES YES YES YES YES YES YES

* p<0.10,** p<0.05,*** p<0.01. Robust standard errors in parenthesis, clustered at the village level.

Notes: [1] Each column is estimated using a linear probability model.

[2] The dependant variable is the proportion assigned by household i to project p.

[3] The base for the asset distribution is the bottom 25th quartile.

[4] The household characteristics include: occupational dummies; household composition; number of school going children;

age, gender, marital status and number of years of schooling of head of household.
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Table 8: Results of Difference-in-difference strategy: REStoGEN Treatment Group

(1) (2) (3) (4) (5) (6)
road irrig water health educ comm cent.

Treatment (REStoGEN) 6.66∗∗ -0.47 -2.63∗∗∗ -0.48 -0.48 2.74
(3.32) (0.65) (0.95) (0.44) (1.60) (2.58)

Post 2007 -0.04 -0.12 -0.02 0.03 0.16 0.14
(0.60) (0.13) (0.18) (0.10) (0.32) (0.46)

Treatment*Post -0.36 0.56∗∗ -0.39 0.45 0.03 -0.01
(1.64) (0.26) (0.42) (0.28) (0.69) (1.38)

Constant 25.37∗∗ 0.29 1.83 8.48∗∗∗ 26.15∗∗∗ 26.28∗∗∗

(10.91) (3.82) (5.15) (2.31) (6.28) (9.20)
Observations 1840 1840 1840 1840 1840 1840
Adjusted R2 0.506 0.151 0.301 0.311 0.437 0.492
Mean Dependent Variable 39.31 2.27 6.25 2.10 11.48 19.82
Year Fixed Effects YES YES YES YES YES YES
State Fixed Effects YES YES YES YES YES YES
Party Fixed Efects YES YES YES YES YES YES
Constituency Characteristics YES YES YES YES YES YES
∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
Robust Standard errors in parenthesis, clustered at constituency level.
[1] Dependent variable is proportion of expenditure on project i.
[2] Constituency characteristics include average village area; density of population; proportion of SC/ST HHs
average infrastructure availability for water, primary and secondary schools, paved roads

29



Table 9: Results of Difference-in-difference strategy: GENtoRES Treatment Group

(1) (2) (3) (4) (5) (6)
road irrig water health educ comm cent.

Treated (GEN to RES) -0.69 -0.83 0.77 0.12 -3.49∗∗ 1.99
(3.96) (0.69) (1.54) (0.52) (1.46) (3.43)

Post 2007 -0.10 -0.14 -0.02 -0.00 0.08 0.14
(0.63) (0.12) (0.17) (0.10) (0.32) (0.47)

Treated* Post 2007 0.71 0.60∗∗ 0.34 -0.00 -0.31 -1.06
(1.88) (0.30) (0.57) (0.19) (0.64) (1.79)

Constant 27.90∗∗ -0.50 2.64 9.82∗∗∗ 21.69∗∗∗ 20.05∗

(11.69) (3.97) (5.31) (2.47) (6.05) (10.26)
Observations 1880 1880 1880 1880 1880 1880
Adjusted R2 0.452 0.238 0.290 0.318 0.465 0.435
Mean Dependent Variable 38.55 2.30 6.65 2.11 11.01 19.93
Year Fixed Effects YES YES YES YES YES YES
State Fixed Effects YES YES YES YES YES YES
Party Fixed Efects YES YES YES YES YES YES
Constituency Characteristics YES YES YES YES YES YES
∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
Robust Standard errors in parenthesis, clustered at constituency level.
[1] Dependent variable is proportion of expenditure on project i.
[2] Constituency characteristics include average village area; density of population; proportion of SC/ST HHs
average infrastructure availability for water, primary and secondary schools, paved roads
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Figure 2: Perceived Probability of Winning and Competition

Table 10: Results of Difference-in-difference Strategy - Both Treatments

(1) (2) (3) (4) (5) (6)
road irrig water health educ comm cent.

Treatment - Both 3.04 -0.69 -0.85 -0.20 -1.61 1.90
(2.85) (0.51) (1.08) (0.38) (1.21) (2.30)

Post 2007 -0.22 -0.16 0.37 0.10 0.30 -0.76
(0.71) (0.22) (0.25) (0.13) (0.32) (0.58)

Treated*Post 0.17 0.59∗∗ 0.04 0.20 -0.25 -0.50
(1.33) (0.25) (0.39) (0.19) (0.54) (1.23)

Constant 26.76∗∗ 0.31 1.34 8.81∗∗∗ 26.01∗∗∗ 20.57∗∗

(10.84) (3.48) (4.98) (2.18) (5.78) (9.35)
Observations 2039 2039 2039 2039 2039 2039
Adjusted R2 0.474 0.245 0.295 0.310 0.449 0.438
Mean Dependent Variable 39.30 2.28 6.38 2.04 11.06 19.85
Year Fixed Effects YES YES YES YES YES YES
State Fixed Effects YES YES YES YES YES YES
Party Fixed Efects YES YES YES YES YES YES
Constituency Characteristics YES YES YES YES YES YES
∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
Robust Standard errors in parenthesis, clustered at constituency level.
[1] Dependent variable is proportion of expenditure on project i.
[2] Constituency characteristics include average village area; density of population; proportion of SC/ST HHs
average infrastructure availability for water, primary and secondary schools, paved roads
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Table 11: Isolating the Mechanism - DID Results in Strongholds

(1) (2) (3) (4) (5) (6)
road irrig water health educ comm cent.

Treatment - Both 0.61 -2.03 1.08 0.05 2.57 1.26
(5.45) (1.81) (2.26) (0.98) (3.21) (4.93)

Post 2007 -0.42 -0.44 0.88 0.68∗ 0.72 -1.00
(1.23) (0.41) (0.57) (0.39) (0.93) (0.91)

Treated*Post 0.48 0.08 0.18 -0.22 1.38 -3.46
(2.18) (0.67) (0.88) (0.37) (1.49) (2.51)

Constant 30.51 -8.95 -0.41 17.55∗ 26.75 2.68
(28.68) (10.00) (12.60) (9.05) (18.72) (18.97)

Observations 564 564 564 564 564 564
Adjusted R2 0.576 0.430 0.474 0.308 0.593 0.707
Mean Dependent Variable 30.79 3.13 7.59 2.60 14.96 20.73
Year Fixed Effects YES YES YES YES YES YES
State Fixed Effects YES YES YES YES YES YES
Party Fixed Efects YES YES YES YES YES YES
Constituency Characteristics YES YES YES YES YES YES
∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
Robust Standard errors in parenthesis, clustered at constituency level.
[1] Dependent variable is proportion of expenditure on project i.
[2] Constituency characteristics include average village area; density of population; proportion of SC/ST HHs
average infrastructure availability for water, primary and secondary schools, paved roads
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Table 12: Isolating the Mechanism - DID Results in High Competition Constituencies

(1) (2) (3) (4) (5) (6)
road irrig water health educ comm cent.

Treatment - Both -1.73 -1.13 -3.91∗∗ 0.66 -2.21 11.34∗

(6.11) (0.95) (1.80) (0.68) (1.53) (5.86)
Post 2007 -0.23 -0.14 -0.44 -0.23∗∗ -0.55∗ 0.13

(1.21) (0.11) (0.35) (0.10) (0.32) (0.82)
Treated*Post 3.15 0.42∗ 0.03 0.34 0.60 -2.09

(2.06) (0.24) (0.47) (0.21) (0.63) (2.43)
Constant 62.05∗∗∗ -0.96 1.69 11.36∗ 9.18 11.03

(22.03) (6.52) (7.95) (6.78) (11.12) (20.51)
Observations 468 468 468 468 468 468
Adjusted R2 0.716 0.284 0.460 0.391 0.485 0.544
Mean Dependent Variable 41.19 1.63 5.75 1.54 8.44 21.39
Year Fixed Effects YES YES YES YES YES YES
State Fixed Effects YES YES YES YES YES YES
Party Fixed Efects YES YES YES YES YES YES
Constituency Characteristics YES YES YES YES YES YES
∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
Robust Standard errors in parenthesis, clustered at constituency level.
[1] Dependent variable is proportion of expenditure on project i.
[2] Constituency characteristics include average village area; density of population; proportion of SC/ST HHs
average infrastructure availability for water, primary and secondary schools, paved roads
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Table 13: DID Results - Both treatments, Log-linear Specification

(1) (2) (3) (4) (5) (6) (7)
road irrig water health educ comm cent. sports

Treatment - Both 0.18 -0.71 -0.30 -0.20 -0.40 -0.10 -0.22
(0.14) (0.47) (0.24) (0.35) (0.28) (0.17) (0.30)

Post 2007 -0.08∗ -0.25∗∗∗ 0.04 0.00 0.02 -0.03 0.02
(0.05) (0.09) (0.04) (0.08) (0.04) (0.03) (0.01)

Treated*Post 0.06 0.34∗∗ 0.06 0.05 0.01 -0.04 0.01
(0.06) (0.13) (0.12) (0.12) (0.09) (0.07) (0.05)

Constant 1.55 3.46 -1.09 4.37∗∗ 3.31∗∗∗ 2.43∗∗∗ 0.89
(1.17) (2.47) (1.18) (1.71) (0.87) (0.85) (1.51)

Observations 2195 1293 1989 1503 2174 2120 1298
Adjusted R2 0.305 0.298 0.317 0.262 0.237 0.307 0.224
Mean Dependent Variable 3.28 -0.10 1.13 0.10 1.73 2.52 2.02
Year Fixed Effects YES YES YES YES YES YES YES
State Fixed Effects YES YES YES YES YES YES YES
Party Fixed Efects YES YES YES YES YES YES YES
Constituency Characteristics YES YES YES YES YES YES YES
∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
Robust Standard errors in parenthesis, clustered at constituency level
[1] Dependent variable is log of expenditure share on project i.
[2] Constituency characteristics include average village area; density of population; proportion of SC/ST HHs
average infrastructure availability for water, primary and secondary schools, paved roads
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Figure 3: Placebo Test Outline
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Table 14: Results of Difference-in-difference Strategy - Placebo Test

(1) (2) (3) (4) (5) (6)
road irrig water health educ comm cent.

Treatment - Both 0.65 -0.24 -0.60 -0.18 -0.51 1.76
(2.50) (0.57) (1.04) (0.28) (1.03) (2.04)

Post 2002 0.77 -0.28 -0.47 -0.15 0.26 -0.70
(1.15) (0.32) (0.73) (0.17) (0.54) (0.76)

Treated*Post2002 -2.28 -0.35 -0.08 -0.08 -0.24 2.59∗∗

(1.45) (0.46) (0.72) (0.23) (0.70) (1.21)
Constant 40.51∗∗∗ 5.31 11.08∗∗ 5.25∗∗∗ 17.72∗∗∗ 10.62

(9.60) (4.30) (4.74) (1.30) (4.81) (7.55)
Observations 3651 3651 3651 3651 3651 3651
Adjusted R2 0.435 0.194 0.230 0.287 0.354 0.375
Mean Dependent Variable 40.02 2.42 7.17 2.04 11.54 17.89
Year Fixed Effects YES YES YES YES YES YES
State Fixed Effects YES YES YES YES YES YES
Party Fixed Efects YES YES YES YES YES YES
Constituency Characteristics YES YES YES YES YES YES
∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
Robust Standard errors in parenthesis, clustered at constituency level.
[1] Dependent variable is proportion of expenditure on project i.
[2] Constituency characteristics include average village area; density of population; proportion of SC/ST HHs
average infrastructure availability for water, primary and secondary schools, paved roads
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Table 15: Results of DID - Without Year 2007

(1) (2) (3) (4) (5) (6) (7)
road irrig water health educ comm cent. sports

Treatment -Both 3.00 -0.72 -0.68 -0.31 -1.55 1.61 -1.29
(2.94) (0.50) (1.03) (0.37) (1.21) (2.36) (1.20)

Post 2007 -0.95 -0.00 0.40∗ 0.15 0.33 -0.41 0.32
(0.68) (0.15) (0.22) (0.13) (0.33) (0.50) (0.24)

Treated*Post 0.41 0.60∗∗ 0.02 0.25 -0.22 -0.91 -0.60
(1.44) (0.26) (0.41) (0.20) (0.58) (1.39) (0.59)

Constant 28.31∗∗∗ 1.51 1.01 9.03∗∗∗ 25.10∗∗∗ 19.07∗∗ 8.75
(10.50) (3.10) (4.84) (2.21) (5.65) (8.98) (5.74)

Observations 1860 1860 1860 1860 1860 1860 1860
Adjusted R2 0.475 0.230 0.297 0.289 0.435 0.435 0.398
Mean Dependent Variable 39.85 2.32 6.13 1.97 10.72 20.13 6.78
Year Fixed Effects YES YES YES YES YES YES YES
State Fixed Effects YES YES YES YES YES YES YES
Party Fixed Efects YES YES YES YES YES YES YES
Constituency Characteristics YES YES YES YES YES YES YES

Robust Standard errors in parenthesis, clustered at constituency level
∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
[1] Dependent variable is proportion of expenditure on project i.
[2] Constituency characteristics include average village area; density of population; proportion of SC/ST HHs
average infrastructure availability for water, primary and secondary schools, paved roads
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Table 16: Results of First Stage of IV Regression

(1) (2) (3)
Treated -0.30∗∗∗ -0.30∗∗∗ -0.32∗∗∗

(0.03) (0.03) (0.04)
Constant 0.47∗∗∗ 0.47∗∗∗ 0.28

(0.12) (0.12) (0.27)
Observations 2178 2178 2120
Adjusted R2 0.212 0.212 0.216
F-Statistic 85.86 85.86 63.61
Year Fixed Effects YES YES YES
State Fixed Effects YES YES YES
Party Fixed Efects NO YES YES
Constituency Characteristics NO NO YES
∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
[1] Robust Standard errors in parenthesis, clustered at constituency level
[2] The dependent variable takes value 1 if the incumbent politician wins the next election and zero otherwise.
[3] In Column (3), Constituency characteristics include average village area; density of population;
proportion of SC/ST HHs; average infrastructure availability for water, primary and secondary schools, paved roads

Table 17: Results of 2SLS

(1) (2) (3) (4) (5) (6)
road irrig water health educ comm cent.

Probability of Winning -0.00 0.05∗∗ -0.10∗ -0.00 -0.11∗∗∗ -0.05
(0.04) (0.02) (0.06) (0.03) (0.03) (0.04)

Constant -0.15∗∗ -0.00 0.05 0.09 -0.24∗∗∗ 0.40∗∗∗

(0.07) (0.10) (0.06) (0.08) (0.07) (0.06)
Observations 1673 300 1174 475 1372 1451
Adjusted R2 0.225 0.752 0.111 0.380 0.316 0.190
State Fixed Effects YES YES YES YES YES YES
Party Fixed Efects YES YES YES YES YES YES
Constituency Characteristics YES YES YES YES YES YES

Robust Standard errors in parenthesis, clustered at constituency level
∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01
[1] Dependent variable looks at change in expenditue on project i from 2004-06 to 2008-09.
[2] Constituency characteristics include average village area; density of population; proportion of SC/ST HHs
average infrastructure availability for water, primary and secondary schools, paved roads
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